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EN CORE

Center of Rail Exceilence

RMUTT " pMuUT, MECHANICAL

ENGINEERING

RAJAMANGALA THANYABURI

Duration: 3 days (August 7-8 & 14, 2026)

Format: On-site at RMUTT, Pathum Thani, Thailand
Target audience: manager, engineer, and supervisor
Day 1 : Introduction to Al-Enabled Railway Maintenance

Maintenance evolution

How Al turn raw data into Intelligent decisions?
How machine learning works?

Design a smart prediction

Day 2 : Artificial Intelligence and Machine Learning

Steps to use Al for Interpreting data
Feature engineering

Classification methods

Training, validation and testing
Real-world use case for defect detection

Day 3 : Al-Powered Fault Detection and Prediction

Regression methods

Artificial neural networks (ANN)

Real-world se case for predictive health assessment
Mini Coding for ANN

Al is becoming a leadership test at 900 CEOs [1]:
every level [1].
© Managers: Deliver results while
managing risk

¢ 80% at risk if Al fails by 2026

. 51% still require human approval

© Engineers: Build reliable, safe Al * 76% exposed to vendor dependency

systems
© Supervisors: Ensure human oversight catching up.

[1] Dataiku Inc., Global Al Confessions: CEO Edition 2026, New York, NY, USA: Dataiku, 2026.

[Online]. Available: https://www.dataiku.com

Al is scaling—but trust and systems are still

6,600 Bath/Person

(50% off with EEC Qualification)

Maintenance Evolution

®-@-®
r____J

From Raw Data to Decisions

Center of Rail Innovation and Engineering { CORE )
Faculty of Engineering, Rajamangala University of

Technology Thanyaburi { RMUTT )

() 095 4611898 (@) corermutt

L

Core@rmutt.ac.th
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1. NANNTITUASIIANE

nswanlassaieiuguiuTTUUTUd s ewe W stindlng Tnaneluiufiaiaufiasnn
nz¥unen (Eastern Economic Corridor: EEC) Fsusznau Iﬂis‘lﬂ']ﬁﬂ‘l‘/\lﬂ'l’mL%’JEJQL%E)ME!’]!J?IU’IMGU
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mmsmm%’umiLﬁu‘lmmqLﬂwﬁﬁﬂuamﬂm'léfaemﬁﬂisﬁw%n'm MINATRRILIGINGT denaliin eI
yrannsfitianng Anuanse wasrineziemzmsiuszuuTe lnsewgluannisdigsnviasesivdey
mmﬂaaﬂna'uaﬂﬂsqaﬂqwumuuauaﬂnimmnﬂ'maq fuwltiuiugetusdedeiiios agnelsfn
nssiluntsarsasvanmasalwlugUbuuRuAs (manual inspection) Sunaszautadinlumaouszms
Wur Fosriaduszezine augnissusiugruasieya mlisieleddunisnsisasy uazarudrdnlunis
ATIINUAIUAAUNG qmawmlﬂammLam‘lumsmmaummmwaauansvmuma*umuavmwaau

Tuvauzidendiu u,mmamsmiqinmmﬂamu (preventive maintenance) uuummmimluaamﬂam
fuviunvesszuusegalmiffanududeu fanudlunisliuinnsg wariiau§uiutuedieaiies
dwa'lﬁmi’mu,wwaaum§amuswmmmammmm‘luamwmmauauaamaamwm'i'hmuaia"tﬂamqu
Uszdvdam Sellanudndufesuiudsuuidalugnisthssinuudamennsal (predictive maintenance)
flordedoyasislunsiinssiuazdnduls maluladlyguszivg (artificial intelligence: Al) Faudand
unumdrdglugrusiaiesiandnlunisenszdussuunisnsasdeuuaziigesinmszuusn lagauise
Uszmawa-ﬁ'aua'umﬂ‘lmﬁ (big data) fil#arnuvasdeyasie q 1Wu WuweinsaaTnanms (Wu AR
duaziiiou anmnu wazusINseyin) i'mm“uanamwmniuuums'smaauamiuum (automated inspection
system) Weliasient aranisel LLa.,mswwm'mmﬂnmwmmnmulﬂmumiuautiumu (early fault
detection) 817 588UAN312989RI5N (track surface defects) AINENVTBYRIRUATAIEATUTN (fastener
wear) ¥38ALAMALARBUTBILITN

wenanil msUseendldvailn Machine Learning Way Deep Learning Setheuszansnmlunis
fuunUszsiamanudene msmansciunliumsidenaniwusiguasal uasasatuayunsindulads
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sumilunsdeniigianidu ansvegnanisvgaliuinns wefiuauseadslunsidiuse nsthnealulad
Al wldiSadheannsitaninisnssaeufeusauysdifised e anruaaandeuIInAsUsEliue
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2. uadwsn1si3euivamangas (Learning Outcomes)

Naﬁ“énﬂit';UHi (Learning Outcomes)

HUTSOUL/ANYZTIATU (Competency)

Day 1 Introduction to Al-Enabled Railway
Maintenance

1.1 m3Ussgnaly Al wag Machine Learing dmiuau
WAFREGITEEEATITE AT

1.2 M3Uszynald Al dwiu Predictive Maintenance
Tuszuusemglusunsu PHYPHOX

 Maintenance evolution

» How Al turn raw data into Intelligent decisions?

» How machine learning works?

» Design a smart prediction

1.1 -@amnsesduienszuaunisuuaieyadiu (Raw Data) v
Lﬂuiay‘aw‘v'amiﬁﬂau'laé'aa‘%as (Intelligent Decision-Making) I¢t

1.2 @115098NLUULLIAN Predictive Maintenance lnasyy
Sensor, Data, wazithvanenisweinsaila

1.3 annsauselealdlusunsy PHYPHOX (Wauwdladua
Lﬂﬁauami'mlw'[ﬁﬁﬁaqan'mLﬁuwaﬂuﬁ'mﬂ%’aau'l‘lﬁi'muas
Iinerinamainenmansuuuiealn)

1.4 @wnsansen Smart Prediction Canvas lunséifiasnszvin
VUsNTH e inerls? fin Sensor filu? \iudeyaussualu?
Heglslunsmiuen "Un@d* vs "Raund"?

Day 2: Artificial Intelligence and Machine Learning

2.1 m3Uszgnald Machine Learning Wav Artificial
Intelligence (Al) Lﬁaﬁmﬁzvﬁ'agamﬁmnim

2.2 mavaunliea Al 9n38nmsduunUszavdeya
(Classification Methods) selUsunsu MATLAB

» Steps to use Al for Interpreting data

« Feature engineering

» Classification methods

« Training, validation and testing

» Real-world use case for defect detection

2.1 anunsathe Signal #¥AuIALIN Features deile: RMS,
Peak Value, Mean 19

2.2 aunsaiAl Singal usiaznguai Dataset Yool
Label: Normal / Defect

2.3 @WTAATNATTUIUNIRNADY NAFBY UASATIVABUAIIY
gné’awaquuuﬁwam (Training, Validation and Testing)

2.4 @wnse Train Al Model #aalusunsu MATLAB 1¢f

Day 3: Al-Powered Fault Detection and Prediction

3.1 nInTandulazaemIninuRnunAdomalulad Al
aaglusunsu EXCEL

3.2 nsEnUfuRn1sWRIIILUUTIae. Artificial Neural
Networks (ANN) dwifun1saianisaluazussdiuanmgunial

« Regression methods

« Artificial neural networks (ANN)

« Real-world se for predictive health assessment

« Mini coding for ANN

3.1 @annsasduisuazUssgnaliisnsinseiuuy
Regression dmiumsmanisaiteyalanialusunsu EXCEL

3.2 ansanmun ANN Structure (Input/Hidden/Output
Layer), Train Model, ¢ Training Accuracy wag Loss Curve,
naaauniyu Sample v

33 @W130uaRIAN Present Accuracy W1l wiau Confusion
Matrix 9anasvihenudungulsd

3.4 gunsodeananis Train Aunsdladeld wu Safety Critical
Operation impact Wag Maintenance planning

AUEUINNTINTEUUTN (CORE) ivmimdsimaluladsuusnadayys (RMUTT)
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