ANEIAINTTUAERNS
uwinendewmaluladsvuenarsidy

v X v
UunnvanId T

f9UINVNTT_nnuneg1ens. IngiaemalulaganavnIsaasn1IInN13

LUMINS AT TIVINARFFITE 15, 0 siEn Cobe-nd MIAT o MEnE Cob

L dl Ly 6
97 oné&&.0/ lonc AUN o NUNINUS bdows

=b.

dl 4 ! =2 v o a g a s ¥ o o
1399 n13en320lAsen0 s “Hnausuinyey sy uusdaaiyy. (A). iugiuinglrianiveyadiniy

ﬂﬂ%ﬂﬁl’lﬂ’lam%%}amﬂaiﬂ 819 Python (Fundamental Data Science for Data Scientist using
Python)

SEU AMUAAMEIAINTTUAENS

AT UNENNTNA NSA 919158UTEIMENGATIVITTUANTAUNANIGIAD A1
U37193579 Inendumaluladonaivnssuiaznisinnis un1ingraoinalulagsivuena
Fi33e Muflvuey Sanudszasdueeygadiilasins ““Bnevsurinugssuudanioy (A) fugu
Ingrmansteyadmiuininemansdoyalagly Python (Fundamental Data Science for Data
Scientist using Python) luszmineTufl be — & WBIBY bdoe B HOBUTUTY @ 91A15TaNALIS
w15a Fandauuny3 tilen1sWauInuLes (Up-skill Re-skil) A91115M71961u Data Science uaz
nsuszandhlUldlmAnuslonituasdng thy

(% 1%

Tunsll Anende s Jaudanisdnsiulasens “Anausuvinvessuudaaiey (A) fugiu
Igremaniveyadimiutdnineimansdoyalagld Python (Fundamental Data Science for Data
Scientist using Python) luszninatufl be - be WwIEY bebe A FoUTITY @ 91A1TPNALS
W3R FMTAUUNYT VBIYARINT 518 UWANININA N15A 919158UsETMENGATINTEUVATAUINA
V9378 @1VIUINIEIN IMendemaluladanavnssuiazn1sanns uninesemalulagsvuens
F33TY Aufivuon

=% o dll a
usuULUNBLUIANATUN

'3

(WeMFnG A39)
Hennensingaemalulagonavnssukaznsinnig

Y% AMUG
wieldsaiansan
I Fomaliladga @1 vnIIULaZNITONMS
VLBt INLATING Anousuiinwessuusaaisy (Al
winasnevnuyaans daalddsyaanshudeda

oo NN, b BUEYIA LLASHIVINUYAAINT A6UINIT

M aw Sor

24 N.N. 68



[nendinaluladgnamnssuuaznisdanig
wningdemaluladseusnaniite
&vo

Heanmaiazisy %zgu @0 N.N. O

wnzious3NBED nan ad.Eo U. ~ "
o M NN, b H1UIUINTINR
17T v

o&.&al U. v 4 wanudouiu......... 048 ...
B S UuUnNnYaaNny L

W (== SR T
SIUIIVNIT_NENanTIVTXUUENTAUMANINEING aNUTMIEINA. Inendeumelutageremms

LAYNISIANTT UNINYIDENALULATSIVUIAAFSITY INT. o eldnid Colbe-no

o o o ¢
97 obé&&.0&/ AUN o NUNNUS bdoc

=Sb.

dl Y 1 P (% o
1999 ERUIANTIULATINISINBNAILIUAAINT USET1TNUUTEUI N.A. bdowm

Seu gewigmyiendumalulagenavnisuuagn1sinnig

M1u7 lasansiieimuiyaaing Usgdndaudssanal w.e. b&oc oandunsdn
159713 “Aneusuvinweszuudaaioy (A) Nugninermansdeyadmsuininermansdeyalagly
Python (Fundamental Data Science for Data Scientist using Python)” 1iu

Tunsfidmd wsamusnn N5 019198UsEs mEngETInsE LA SALINANI9GIAT
Fsveeugnainsulassaiemuiyaains Uszdlsulszana we. beos 1asans “Inausy
fnvrszuusaniey (A) A ugiuinermanddeyadmiuiningimansdoyalnsld Python
(Fundamental Data Science for Data Scientist using Python)” W ON1IWAILIAULEY (Up-skill Re-
skill) ATMedu Data Science waznaUssgndthlUldliAnUsslonituasdng famafunagns
uagn1sUTMsnuAtinansgvuiunm I de sseznalumsdidulasinssenineiuiunii ve
LU WAL odoa B9 TUANST be WwBY WA, b&os 1 WoIOUTITY m 01ATTRNRLITINSA
FINTAUUNYT NIDULBNAITAIUUY

=2 « a
QQL?SU@JWLW@IU?@WG\]’ﬁmq

%J.a‘\.

(W9E1IUTNR NI5A)

TNV NEATIN TLUUANTAUNANNGIAA

?f/ AWev WG O - ":\M'Q:"’
‘H‘!u\ltl do o6l \mg, K“O’W@N’

SEU f1u8nTY &q\lﬂ .
AT NI
P -

M 0-13. DR



Tnssmsieannyaaing

szdtlaviszana w.a. 2568

FalAsanis “Anausuyinuessiudaasey (Al) Wug’mﬁwmmmmﬁ@g@zﬁ’fmﬁ%ﬁﬂﬁwmmm{

%H@Tmﬂ%’ Python (Fundamental Data Science for Data Scientist using Python)”

U

agilszasd

g

1) inanmuAuFuazyinerlungld Python dmsunisairauazimunlunatloyaynilssfng

99

o

wasAnenAansiaya Inaatanstazaunsninaninlalidscgneldlunisizaunisaeunayiss
dl = 1% o =K vl o 4 o %
WawTaNANNFaN TN AN TN Hra8ARR LA NABINITIBIAAIALINIL

dl QI v o a Y % ¥ dl A a
2) ivaisnuasdnlalunssuaunsdnnIsuaTaAzitaya AansldaTasianazmaiin

o o ]

a cY dl a v o=l o v %

WeFanitayaniualy dudsnliafiansdiainainnsnlunisindeyannllsslamilunig
=
FY

a o

o o dl a ar a =
Wi lrgduniidss@nsnindusunisudlayuiniegsiauazinalulad
3) aafgarnaNnsnluniseanuuuua s mu tAssew Al nanunsain liseensldlaaselu
N1ARARIMNITIAZNNIIAY B1anstazatnnIninaNgllaiamdngmaniinisBaunisaanunniy

nwrUfuRnisuaznistszgnsld ulanuisanuiduasa

vy

v T | Y a a d A A A Y
nqu!ﬂmmﬂgmsmimemsgaaume’ammﬁuﬂaummmmamna’mm

do a = a 9 2 & I 'y |
aaunaniiulasing (3v1) TRANTUN viesausndu 3 @1ANTTRNALTNNTA Q. UUNLT

v

1aYAMNENT

Full Name: Dr. Veerasak Krisanapraphan
Organization: Arise by Infinitas

Position : Senior Director

Education:

His education background is

« PhD. at Chulalongkorn University, Bangkok, Thailand

research focus on Data Science, Big Data, Mobile Computing and Internet of Thing

(10T)
- Executive MBA from Michigan University, Ann Arbor, Michigan, USA

« Master Degree in Company Information System from San Francisco State University,

San Francisco, California, USA



« Bachelor Degree in Public Administration from Thammasat University, Bangkok,
Thailand

Qualifications:

His Technical knowledge includes

» Data Science:

Full lifecycle including identifying problem, exploratory data analysis, statistical
analysis, communication result, R, Python,RapidMiner, Orange3

- Artificial Intelligence (Al) & Machine Learning (ML):

classification, regression, clustering, feature engineering, recommendation system,
deep learning, convolutional neural network

+ Statistical Methods:

time series, regression models, hypothesis testing and confidence intervals, principal
component analysis and dimensionality reduction, stochastic differential equations
(SDEs),structural equation modeling (SEM)

* Programming:

Python (Tensorflow, keras, tflearn, Scikit-learn, numpy, scipy, pandas), R, Swift, Java,
JavaScript, Node.js, C++, C#, .NET, Ruby, Apache Spark, Hadoop (Hive, MapReduce),
MongoDB, Microsoft SQL Server, Oracle Enterprise, MySQL, Postgres

» Application Implementation: SAP, CRM, HIS, EMR

+ Software Development: Full life cycle in SDLC, Agile, DevOps, project management
« Framework: Angular.js, Meteor.js, Cordova, lonic

» Technology: JSON, AJAX, SOA, XML, HTML, Web Services, SOAP, JSP, ASP, J2EE, JNI
» Platform: SAP ERP, Apache Hadoop, Apache Spark, Oracle ERP, Siebel CRM,
PeopleSoft HCM, SAP,

» IBM Cognos TM1

* Infrastructure: Data Center implementation, Cloud Adoption, VMWare, Docker,
Kubernetes, DevOps

* Networking: Cisco, Aruba, LAN, WAN, Wireless

» Blockchain: Hyperledger, Ethereum, Ripple

Experiences:

« Senior Director, Platform @ Arise by Infinitas (KTB) (Present)



» Head of Technology Innovation, True Digital Group

Act as a head of product for 10T and Digital Solutions team for creating and
launching solutions for Retail, Industrial, Healthcare, Agriculture, Supply Chain,
Property, and Consumer vertical sectors. The solutions used |0T, Al, Blockchain,

Robotics, and Data Science/Analytics.

The products that | have been involved in and launching at True Digital Group is
Smart Al platform, Robots as a Service, AgriTech solutions, Smart City solutions and
True Smart Living for consumers.

 Assistant Chief Information Officer, Bangkok Hospital

Act as Chief Technology Officer taking care of technology aspect, security, innovation
and digital transformation. Act as Chief Data Officer, initiate uses of data science and
Al for creating improvement in operational excellence. Projects include Al for
Radiology, Claim Management etc.

» Data Science and Al Independent Consultant

* Instructor at Chulalongkorn University and Software Park Thailand
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1. Data Science Life Cycles
A Strategy to Approach Any Data Analytics Problems
* |dentify problems

+ |dentify Data Sources



« |dentify Additional Data Sources
« Statistic Analysis

* Development and Implementation
« Communicating Result

» Maintenance

» Discussion
22 LN.¢l. 68

2. Data Wrangling Techniques
* Import Data
+ Cleaning Data
+ Transforming Data
+ Handling Missing Values
« Data Integration
» Data Reduction
» Data Discretization
« Data Binning
+ Data Normalization
» Data Aggregation
* Feature Engineering

* Data Visualization
23 1N.8l. 68

3. Basic Data Science Methods and Machine Learning Fundamentals
* Regression
« Decision Tree
* K-Nearest Neighbor
+ Naive Bayesian Classifier
»  Support Vector Machine
* Neural Net/ Deep Learning
+ Association Rules

» Other advanced topics



Discussion

24 14.¢l. 68

4. Introduction to Generative Al

Definition and Applications of Al

Definition and Applications of Generative Al

5. Introduction to Natural Language Processing (NLP)

Definition and Applications of NLP

Challenges in NLP

6. Python for Natural Language Processing (NLP)

7. Introduct

Basics of Python

Python Libraries for NLP (NLTK, Spacy, TextBlob)
ion to Thai NLP using PyThaiNLP

Introduction to PyThaiNLP

Basic Text Processing in Thai Language

8. Textual Sources and Formats

API
Social Media
Web Scraping

Building Your Corpus

9. Text Processing and Analysis

Tokenization, N-grams, Scriptio Continua
Stemming and Lemmatization, Synsets and Hypernyms
Part of Speech Tagging

Named Entity Recognition

10. Thai Text Processing and Analysis using PyThaiNLP

+ Tokenization, Part of Speech Tagging, and Named Entity

25 14.¢l. 68

Recognition in ThaiData preparation for Data Science

11. Word Embeddings and Language Models

» Bag of Words, TF-IDF

* Word2Vec, GloVe



« Understanding and Implementing BERT (Bidirectional EncoderRepresentations from

Transformers)

12. Basics of Machine Learning and Neural Networks

» Supervised, Unsupervised, and Semi-supervised Learning

» Neural Networks Fundamentals

13. Introduction to Transformers Models

» Understanding Transformer Architecture

« Overview of BERT (Bidirectional Encoder Representations fromTransformers)

14. Introduction to Large Language Models (LLM)

Understanding LLM and Its Significance in NLP
Deep Dive into GPT (Generative Pretrained Transformer) and lIts
Variants, Including GPT-3, GPT-4, and ChatGPT

Open-source Alternatives of ChatGPT

15. Fine-tuning Large Language Models (LLM)

 Fine-tuning LLMs with Python

16. Building Generative Al Applications using RAG

* What is RAG?

+ Building RAG

17. LLM-based Al Agents

* What is an Al Agent?

» Building Al-based Agents
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Data Structure and Algorithm
Operating System

Cloud Computing

Data Structure and Algorithm
Microcontroller- Edge Computing
DBMS - Data Analytics

Data Mining



« Artificial Intelligence, Internet of Things

+  Computer Programming

» Digital Image Processing

+ Fundamental of Al and Digital Innovation
+ Seminars for Al

« Algorithm Analysis

swinmudyanlssduguazuianssuadna
»  Computer Programming for Artificial Intelligence Engineering
« Statistics for Artificial Intelligence Engineering |
« Statistics for Artificial Intelligence Engineering
+ Fundamentals of Machine Learning
+ Advanced Machine Learning
+ Data Analytics and Data Mining
« Statistics for Data Analytics
* Programming for Data Analytics
» Data Visualization
« Atrtificial Intelligence Entrepreneurship
* Information Retrieval
+ Deep Learning Specialization
« Atrtificial Intelligence for Smart Agriculture

« Artificial Intelligence for Smart Industry




